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Fault Diagnosis of Gearbox Based on STFT and CNN
YU Chuanliang, LIANG Ruijun, RAN Wenfeng, WANG Zhiqgiang
(College of Mechanical and Electrical Engineering, Nanjing University of Aeronautics and Astronautics, Nanjing 210016, China)

Abstract: To solve the problem of low fault recognition rate of shallow machine learning methods applied to gearbox fault diagnosis,

a gearbox intelligent fault diagnosis method based on short-time Fourier transform and convolutional neural network is proposed.
Short-time Fourier transform is performed on the gear vibration signal to obtain the time-frequency diagram and input it into the CNN

fault diagnosis model. According to the output of the model, the fault status of the gearbox is given, so as to realize the fault

diagnosis of the gearbox. The vibration signals of a variety of different faulty gears are collected on the gearbox dynamics simulation
experiment platform for experimental verification. The experiment results show that the method can effectively identify the fault state

of the gear with the fault diagnosis accuracy rate at 100%.
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