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Automatic Classification of Arrhythmias Based on BiLSTM and Multi—-branch CNN
LI Huaidong, WU Teng
(School of Mechanical Engineering and Automation, Fuzhou University, Fuzhou 350108, China)

Abstract : In the light of the missing details of convolutional neural network (CNN) model in traditional (ECG) signal classification,
multi-branch CNN was applied to extract deeper features. In consideration of the characteristic of ECG with timing, a classification
method based on BIiLSTM and multi—branch CNN is proposed by integrating BiLSTM model. With this method, ECG data from
MIT-BIH were first segmented by heart beat, and then sent to the network model consisting of CNN and BiLSTM with three branches

for training. Evaluation on the test set was conducted. Experimental results show that the proposed method has good classification
effect and is superior to other deep learning methods in classification of S and V classes.
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