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Workpiece Image Retrieval Method Based on Multi-view Template Matching
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Abstract ; In light of the demand of automatic production of parts in industrial scene, a part image retrieval method based on multi-

view template matching is proposed. The dimension information of the top view of the parts is extracted for rough clarification of the
parts. The parts that are difficult to be distinguished in size are dynamically partitioned, and the hash " fingerprint" of the partitioned

image is applied to calculate the similarity and find out the three most similar parts. The side information of the above three parts is
extracted for hash " fingerprint" and similarity calculation, and the category label corresponding to the maximum similarity is taken as
the final retrieval result. The experimental results show that the accuracy of the proposed method is as high as 98.16%, which is more

in line with the practical production application of parts.
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C(u)= (2)
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