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Abstract: In order to evaluate effectively the health status of machine tools and formulate reasonable maintenance and repair
strategies, a health evaluation method based on probabilistic neural network is proposed. Spindle vibration signals are collected in
different processing states to perform feature extraction and normalization processing, so as to obtain feature vectors. Based on PNN,

the current processing state is identified, the similarity between the feature vector and the training sample in the processing state is
calculated based on Gaussian kernel function, and the health status of the machine tool is evaluated. Validation experiments show that
proposed method can effectively identify the machining status and health status of the machine tool, and whose feasibility in real-time
health assessment of machine tools, meanwhile, is verified with the introduction of Kafka and Storm technologies.
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