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Health Diagnosis Method of Bearing Based on WGAN-GP
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Abstract; To improve the accuracy of the health diagnosis affected by the limited fault data of the equipment on the production site,

an improved Wasserstein generative adversarial network with Gradient penalty data expansion method is designed by combining the

characteristics of vibration signals. Fast Fourier transform is performed on the fault signal to obtain its spectrum signal, with which as
the input of the network, the fault signal is generated by the generator to expand the imbalanced dataset. In the bearing health
diagnosis experiment, the proposed method can solve the health diagnosis problem under the imbalanced data, whose effectiveness
is verified by comparing with other widely used data expansion methods.
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