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Research on Filter Detection and Accurate Positioning Based on Deep Learning
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Abstract: An improved YOLOv4 detection algorithm is proposed to deal with the low accuracy and poor real-time performance of
filterproduct positioning and detection. A strong positioning non-maximum suppression method is initiated to improve the processing
process of the prediction frame of the traditional non - maximum suppression method in the YOLOv4 algorithm and resolve the

positioning deviation of the prediction frame.The design of static model filter fusion method is followed to linearly fuse the time -
consuming operations like convolution and pooling in the static YOLOv4 backbone feature extraction network, thus solving the
problem of poor real-time network detection. The experimental results show that the location accuracy of the improved YOLOV4 is
99.41%, and the real-time performance is 14 Frame/s, higher than that of the original YOLOv4.
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